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examined. The first theory, limited access to personal information, focuses on preventing others from accessing an

individual’s sensitive information. According to this theory, privacy mechanisms should aim to prevent adversaries

from accessing a user’s actual information. In contrast, the second theory, control over personal information,

emphasizes an individual’s right to communicate personal information to others. This theory suggests that the

disclosure of personal information due to the relevance of others sharing data should not be considered a breach of

privacy. Then the controversies of differential privacy were analyzed in the fields of computer science, social science,

ethics and human-computer interaction due to their different understandings of privacy. By exploring the privacy

concept of differential privacy from a multidisciplinary perspective, this study helps readers gain a correct

understanding of the privacy viewpoint and goals of differential privacy while enhancing their understanding of the

concept of “privacy” itself.

Keywords: differential privacy, data correlation, privacy risk, privacy theory
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