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Abstract: According to existing neural network backdoor attack research works, the concept of neural network
backdoor attack is first introduced. Secondly, the research status of neural network backdoor attack is explained
from three aspects: research development, summary of typical work and classification. Then, some typical backdoor
attack strategies are analyzed in detail. Finally, the research status is summarized and the future research directions
are discussed.
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4.6 Bypassing Detection Backdoor
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