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Abstract: In recent years, the amount of the malwares has tended to rise explosively. New malicious samples emerge
as variability and polymorphism. By means of polymorphism, shelling and confusion, traditional ways of detecting can
be avoided. On the basis of massive malicious samples, a safe and efficient method was designed to classify the mal-
wares. Extracting three static features including file byte features, assembly features and PE features, as well as im-
proving generalization of the model through feature fusion and ensemble learning, which realized the complementarity
between the features and the classifier. The experiments show that the sample achieve a stable F1-socre (93.56%).
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