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Abstract: In spam filtering filed, naive Bayes algorithm is one of the most popular algorithm, a modified using
support vector machine(SVM) of the native Bayes algorithm :SVM-NB was proposed. Firstly, SVM constructs an
optimal separating hyperplane for training set in the sample space at the junction two types of collection, Sec-
ondly, according to its similarities and differences between the neighboring class mark for each sample to reduce
the sample space also increase the independence of classes of each samples. Finally, using naive Bayesian classi-
fication algorithm for mails. The simulation results show that the algorithm reduces the sample space complexity,
get the optimal classification feature subset fast, improve the classification speed and accuracy of spam filtering
effectively.
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